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Abstract

This paper quantifies the relationship between economic exposure to climate
policies and climate policy support. We develop a stylised theoretical model to de-
compose exposure through income, energy spending and vehicle use, and identify
consistent measures of these channels. Using detailed Dutch administrative data, we
document substantial heterogeneity in exposure to climate policy, both across and
within income groups. Combining these measures with survey data on climate pol-
icy support, we find that higher exposure is robustly associated with lower support
for stronger climate policies across all three channels. This negative relationship
holds even after accounting for a rich set of socio-demographic, municipality, and
climate-belief controls. Further analysis reveals that high electricity rather than
high natural gas spending is associated with reduced support, and vehicle fuel ef-
ficiency matters more for support than income-adjusted kilometres driven. Income
exposure, proxied by the sectoral carbon-intensity of jobs, is particularly salient
among older and lower-to-middle educated respondents. The estimated magnitudes
are modest: a one-standard-deviation increase in any single exposure channel lowers
the probability of support by at most two percentage points. Economic exposure
thus emerges as a robust, theoretically grounded determinant of support, shifting it
at the margin.
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1 Introduction

Meeting climate targets requires the continued implementation of ambitious climate poli-
cies. While major economies such as the EU have articulated net-zero targets, imple-
menting the necessary policies remains a significant challenge. A major hurdle is a lack
of public support for such policies (Roberts, 2018; Douenne and Fabre, 2022; Goerg et al.,
2025). A well-known manifestation of this is the 2018 French yellow vest protests, which
were triggered by a proposed fuel tax hike that was eventually cancelled (Willsher, 2018;
Driscoll, 2023). More recently, the European Parliament has witnessed a loss of seats by
Green parties (Tash, 2024), and EU farmers have protested against elements of the Green
Deal (Abnett et al., 2024).

The economic burdens of climate policies and how they are distributed are a key
source of political unease (Forum, 2023; Guardian, 2023). These worries are not un-
founded: households differ substantially in their economic exposure, with some groups
disproportionately affected. In particular, while differences within income groups are
substantial (Cronin et al., 2019; Pizer and Sexton, 2019), low-income households tend
to spend a larger share of their income on energy (Peñasco et al., 2021; Shang, 2023;
Hochmuth et al., 2026), and are less likely to invest in energy-saving measures such as
solar panels and heat pumps (Bigler and Radulescu, 2025; Borenstein and Davis, 2025),
also due to potential liquidity constraints (Gerarden et al., 2017). Further, the climate
transition puts jobs in carbon-intensive sectors at risk (Weyl and Fabinger, 2013; Gana-
pati et al., 2020; Calvacanti et al., 2025), with older (Barreto et al., 2024; OECD, 2024)
and lower-educated (Consoli et al., 2016; Yip, 2018) workers being particularly vulner-
able, and less able to leave carbon-intensive industries due to limited outside options
(Curtis et al., 2024).

Despite this clear heterogeneity in exposure to climate policy, research on the determi-
nants of climate policy support has largely focused on attitudinal factors such as climate
beliefs and values, perceived fairness, trust in government or political ideology, rather than
its economic burden (Holian and Kahn, 2015; Carattini et al., 2017; Bergquist et al., 2022;
Köppl and Schratzenstaller, 2023). This paper aims to fill this gap by analysing how eco-
nomic exposure affects support for a strengthening of climate policies. In other words:
do highly-exposed households display lower support, and what type of exposure matters?
As such, we provide relevant insights into how the anticipated impacts of climate policies
may affect support for these policies to begin with.

To examine this relationship, we first develop a stylised model in which households
derive utility from environmental quality and consumption across several goods. Using
this model, we show that a strengthening of climate policy reduces utility, and thus
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support, the higher the share of income spent on goods whose prices rise as a result of the
policy, and the greater are expected income losses. This identifies the shares of income
spent on energy and personal vehicle transport and carbon intensity of labour income
as the relevant determinants of exposure, which we adopt as our primary measures for
energy, vehicle and job exposure, respectively. We compute these measures using Dutch
administrative data, which we later combine with a 2023 survey on climate policy support
with 18,327 respondents. The granularity of the administrative data enables us to further
decompose the channels and provide a more nuanced understanding of how different forms
of exposure shape public attitudes.

In line with the existing literature, our exposure measures exhibit substantial het-
erogeneity. In particular, energy and vehicle exposure vary across and within income
deciles. For example, the median share of income spent on energy is close to 10% in the
bottom income decile, and only 3.5% in the top decile. Within deciles, the variance in
exposure is substantial, with the top spenders spending 2.5 to 3 times as much on energy
as a share of income as the median in the respective income decile. Heterogeneities in
the vehicle channel are both driven by higher levels of vehicle ownership among higher-
income households (30% for the bottom decile vs approximately 80% for 6th-10th decile);
and substantial heterogeneities in vehicle emissions within income deciles. For labour
income (job) exposure, we document that older individuals and those with technical or
vocational education tend to be employed in more emission-intensive sectors, whereas
younger individuals and those with tertiary (college/university) education display lower
exposure.

We find that all theory-consistent measures of economic exposure are negatively as-
sociated with support for a strengthening of climate policies. Among households with
similar incomes, those that spend more on energy or emit more CO2 through private
transportation are less supportive. Similarly, individuals employed in carbon-intensive
sectors exhibit lower support. These relationships persist after controlling for a rich set
of controls, which include gender, age, education and climate beliefs, Further analysis
provides additional insights. The effect of energy exposure is primarily driven by elec-
tricity consumption, while for vehicle exposure, fuel efficiency is the main determinant
of support. Finally, the negative relationship between support and employment in the
carbon-intensive industry is driven by older workers with intermediate levels of education.
Overall, these patterns are consistent with self-interested preferences over climate policy:
those who expect to bear a larger burden from stricter policies are less willing to support
them.

While our results highlight that exposure is significantly associated with climate policy
support in a statistical sense, they also indicate that the magnitude of these associations
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is modest: a one-standard-deviation increase in any single exposure channel lowers the
probability of support by one to two percentage points at most. Differences in climate
beliefs, by comparison, are associated with substantially larger differences in support.
Economic exposure thus emerges as a robust and theoretically grounded correlate of
climate policy support, even if quantitatively modest.

Our analysis adds to a small but growing literature that quantifies the economic corre-
lates of climate policy support. Our main contribution is a more complete characterization
of the economic determinants of climate policy support. Most existing work measures
exposure through a single channel; where multiple channels are considered, data con-
straints have limited measurement to imperfect proxies, rather than the household-level
budget shares and income risk that our theory identifies as the relevant proxies. Our rich
administrative data allow us to construct these theory-consistent measures directly, and
to decompose them, revealing which components of exposure matter most for support.
This also avoids reporting bias that may affect survey-based measures, as individuals who
oppose a policy may overstate their costs Schuitema et al. (2010).

Most of this literature considers only a single exposure channel. Epstein and Mueh-
legger (2024) study a California ballot initiative, and find that individuals were more
likely to vote in favour of a repeal of gasoline taxes and vehicle fees if these taxes and
fees imposed greater costs on their households. Using survey data from Sweden and Ger-
many, Habla et al. (2025) find that those individuals who are more negatively affected
by environmentally favourable transportation policies are more likely to oppose them.
De Sario et al. (2023) and Cavallotti et al. (2025) assess the role of labour market expo-
sure in various European countries, and identify a negative relationship between exposure
and climate policy support. Notably, Douenne and Fabre (2022) find that support for
a carbon tax in France is shaped not only by actual financial gains and losses, but also
by households’ beliefs about how the scheme would affect their budget, underscoring the
relevance of perceived exposure.

To our knowledge, only Dechezleprêtre et al. (2025) consider multiple exposure chan-
nels. Using survey data spanning 20 countries and 40,000 respondents, their results on
the relationship between support and exposure are mixed: while they identify negative
correlations between self-reported vehicle usage, gasoline spending, and meat consump-
tion on the one hand, and climate policy support on the other, no significant relationship
is found for labour market exposure. Further, households that report high heating ex-
penses are found to be more in support of climate policy. Our theoretical framework
motivates two key differences relative to Dechezleprêtre et al. (2025): we define economic
exposure in terms of budget shares rather than levels, and construct consistent exposure
measures across energy, transport and labour-market channels, which our administrative
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data allow us to do in a way that survey-based data typically do not.
Our findings also reinforce insights from a related literature on the political conse-

quences of climate policy. This literature in particular has identified a so-called ’green
backlash’ (Bosetti et al., 2025), where citizens who have directly experienced the effects
of (local) climate policies turn against the politicians who supported such policies and
in favour of more extremist parties (Konradt and Mangiante, 2026). Examples are Egli
et al. (2022) and Stutzmann (2024), who find increased right-wing political support in
municipalities with recent coal plant and mine closures in the US and Germany, respec-
tively.

Beyond climate policy, we contribute to a broader literature examining whether policy
support is driven by self-interest. This literature spans policies such as congestion charges
(Schuitema et al., 2010), financial support for families Elinder et al. (2015), and income
redistribution Durante et al. (2014); Karadja et al. (2017). Consistent with our findings,
lower expected or realised economic costs are generally associated with greater policy
support.

The remainder of the paper is structured as follows: Section 2 provides relevant in-
formation on the Dutch institutional context. Section 3 puts forward a stylised model,
which we use to inform the subsequent empirical analysis. Section 4 describes the datasets
and explores our exposure variables. Sections 5 and 6 present the empirical strategy and
results. Finally, Section 7 offers conclusions and discusses policy implications. Addi-
tional descriptives, information about variable construction, robustness checks and model
derivations can be found in the Appendix.

2 Institutional context: climate policy in the Nether-

lands

To combat climate change, the Dutch government has committed to mitigating green-
house gas emissions in line with the EU targets of a 55% reduction by 2030 compared to
1990 levels, and net zero emissions by 2050. Projections however indicate that to reach
these targets, a further strengthening of climate policies will be needed (PBL, 2024).

In 2023, the main contributors to greenhouse gas emissions in the Netherlands were in-
dustry (31%), transport (18%), electricity (16%) and the built environment (12%) (CBS,
2024a). While the greenhouse gas emission intensity of Dutch GDP is about 15% below
the EU average, the manufacturing sector and the energy sector are relatively emission-
intensive, due to a comparatively large chemical industry, a low share of nuclear energy
and the absence of hydro power (Koops et al., 2022). Key policies to decarbonise the
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energy and manufacturing sectors include the European Union Emission Trading System
and the SDE++ subsidy scheme, which support renewable energy investments and de-
carbonization of production (OECD, 2021; Anderson et al., 2023). The manufacturing
and energy sectors jointly account for about 9% of total employment (CBS, n.d.). Major
emitters such as Tata Steel and Shell are considered key producers within their respec-
tive value chains. As a result, there are significant political concerns about the impact of
climate policy on employment in emission-intensive industries.

Of the 12% emissions from the built environment, about 8.5 percentage points can be
directly attributed to residential buildings (CBS, 2024a). These emissions are primarily
due to the use of natural gas. While newly-built houses are no longer connected to the
gas network, natural gas is still the dominant source of heating; in 2022, 92% of house-
holds had a natural gas connection (DNB, 2024). A combination of policies supports the
reduction of greenhouse emissions from residential buildings, including increased energy
taxes on gas, the Dutch ISDE (Investment Subsidy for Sustainable Energy and Energy
Saving) subsidy scheme for home insulation and heat pumps, and reduced VAT on solar
panels and net metering. These measures have been particularly successful in incentivis-
ing the uptake of solar panels; by 2024, nearly a third of houses had rooftop solar panels
installed (Netbeheer Nederland, 2024). Household decarbonisation efforts were acceler-
ated by the 2022 energy crisis. This crisis also revealed stark differences in households’
exposure to increased energy prices. About 55% of households were estimated to be
financially vulnerable to rising energy costs in 2022 (TNO and CBS, 2024), especially
those with flexible-rate contracts or contracts that had to be renewed close to the price
peak of September 2022.1 To mitigate these effects, the government implemented broad
compensation policies in 2022: energy taxes were reduced, and all households received a
lump sum of e380. Furthermore, low-income households qualified for additional energy
subsidies of up to e1300. In 2023, the lump sum and energy tax reductions were replaced
by an energy price ceiling; in 2024, only the additional energy subsidies were maintained.

Transport constitutes another major source of greenhouse gas emissions. With about
505 passenger cars per 1000 inhabitants, the 2023 vehicle ownership rate in the Nether-
lands lies below the EU average of 570 (Eurostat, 2024). Although new vehicle sales are
increasingly electric, our data indicate that the Dutch passenger car fleet is still dom-
inated by petrol cars (78%), with diesel (10.5%), hybrids (4.5%), battery-electric cars
(3.5%), and plug-in hybrids (2%) making up the remainder.

Importantly, the share of electric vehicles is much higher among newly purchased ve-
hicles: 31% of new vehicles are fully electric, and plug-in hybrids have a market share of

1Households in the Netherlands can opt for different types of energy contracts that fix gas and
electricity prices for 3 months up to 3 years, or subject households to hourly or daily rates. During the
energy crisis, energy suppliers temporarily suspended contracts with >1 year fixed prices.
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13%. Nearly all of the remaining vehicles (56%) have petrol engines (RVO and Revnext,
2024). In addition to EU-level policies aimed at reducing emissions from passenger ve-
hicles, a series of national measures, including high fuel excise duties, CO2-based vehicle
registration taxes, and incentive schemes for electric vehicles, have contributed to the
rapid uptake of electric vehicles. This has led to a broader decline in emissions from pas-
senger cars in the Netherlands: the average emission intensity of new vehicles fell from
120g/km in 2019 to 75g/km in 2023 (RVO and Revnext, 2024).

3 Theoretical framework

To decompose the channels through which climate policy affects household utility, and
thereby policy support, we put forward a stylised model. The model explicitly links
the distributional impacts of climate policy to household welfare, allowing us to derive
theory-consistent measures of economic exposure across energy, vehicle and labour income
channels. In the subsequent sections, we use this model to guide our empirical analysis.

We consider heterogeneous households whose utility is a composite of utility from
aggregate consumption Ci and environmental quality Q, which we interpret to include
any (dis)utility from future climate change:

Ui = C1−βi

i Qβi . (1)

The βi ∈ [0, 1) is the weight household i assigns to the environment; if β = 0 the
household only cares about consumption. Aggregate consumption in turn is modelled as
a Stone-Geary composite over three goods, housing Hi, personal transport Ti and other
consumption Yi:

Ci = (Hi − γH)
αH,i(Ti − γT )

αT,i(Yi − γY )
αY,i , (2)

where we allow households to have heterogeneous preferences across goods; αk,i ≥ 0 for
all k ∈ {H,T, Y }, with αH,i+αT,i+αY,i = 1. The γk ≥ 0 denote subsistence levels, which
we assume common across households.

Households take prices pk as given. With household income Ii, this allows us to write
the budget constraint

pHHi + pTTi + pY Yi ≤ Ii. (3)

In the remainder, we focus on the case where income is more than sufficient to satisfy
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subsistence levels, i.e., γHpH + γTpT + γY pY < Ii. We then obtain demand for good k:2

ki = γk +
αk,i

pk
[Ii − γHpH − γTpT − γY pY ] . (4)

Demand for each good has two determinants. First is the level of subsistence con-
sumption γk. A higher level of γk will increase the demand for good k. Second,
once all subsistence levels are satisfied, the household is left with ’discretionary income’
Ii − γHpH − γTpT − γY pY . A share αk,i of discretionary income is then spent on good ki.
As a result, in equilibrium, consumption patterns by low-income households will be pri-
marily governed by the subsistence levels γk, with a relatively high share of income spent
on goods with a high subsistence need. Spending by high-income households instead is
more closely characterised by preference terms αk,i; as income Ii → ∞, the shares of
income spent on good k will converge to αk,i.

One can then substitute these terms into the utility function to obtain indirect utility
Vi:

Vi = C̃i
1−βi

Qβi , (5)

with C̃i = [Ii − γHpH − γTpT − γY pY ]
[(

αT,i

pT

)αT,i
(

αH,i

pH

)αH,i
(

αY,i

pY

)αY,i
]

the utility-
maximizing (Marshallian) demand.

Policy support Now consider the potential impacts of climate policy on household
utility. Climate policy may affect utility through three channels. First, it may affect the
quality of the environment Q. Second and third, it may affect aggregate consumption C̃i

through its effects on (ii) individual income Ii and (iii) prices pk.
Now let x denote a climate policy currently in place. Then a household will support

a strengthening of this climate policy if it weakly improves household utility Vi, i.e., if
the elasticity of utility with respect to policy is positive:

dVi

dx

x

Vi

= (1− βi)
dC̃i

dx

x

C̃i

+ βi
dQ

dx

x

Q
≥ 0. (6)

From (6) we can immediately draw several conclusions. Focusing on the last term,
the household is more likely in support of climate policy if the effect of policy on the
environment is positive and large (dlQ

dx
x
Q

>0 and high), and the household has strong
environmental preferences as captured by a high βi. The empirical literature has indeed
established a positive relationship between perceptions of policy effectiveness and climate
policy support (Baranzini and Carattini, 2017; Uyduranoglu and Ozturk, 2020; Hoyle
and Rhodes, 2025). In addition, sociodemographic factors such as gender and education

2See Appendix C for derivations.
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have been associated with pro-environmental preferences (Bergquist et al., 2022). In our
empirical analysis, we control for a set of (proxies for) climate policy attitudes, which
include climate change, policy effectiveness, and underlying environmental preferences.

Next, consider the first term, which captures any effects of climate policy through
consumption C̃i. This term can be further decomposed into the effect of policy through
income Ii, and prices pk:

dC̃i

dx

x

C̃i

=
∂C̃i

∂Ii

Ii

C̃i

∂Ii
∂x

x

Ii
+

∂C̃i

∂pH

pH

C̃i

∂pH
∂x

x

pH
+

∂C̃i

∂pT

pT

C̃i

∂pT
∂x

x

pT
+

∂C̃i

∂pY

pY

C̃i

∂pY
∂x

x

pY
,

or equivalently
dC̃i

dx

x

C̃i

= εC̃i,Ii
εIi,x︸ ︷︷ ︸

income effect

+
∑

k∈{H,T,Y }

εC̃i,pk
εpk,x︸ ︷︷ ︸

price effects

, (7)

where εC̃i,Ii
and εC̃i,pk

denote the elasticity of C̃i with respect to income Ii and pk, re-
spectively. Similarly, εIi,x and εpk,x denote the climate policy elasticities of income Ii and
pk, respectively.

In the model, higher income raises consumption and thereby utility. This implies an
income channel of climate policy, which captures the effect of climate policy on utility
through income. This income effect is equal to the elasticity of aggregate consumption
with respect to income, εC̃i,Ii

, multiplied by the elasticity of income with respect to
climate policy, εIi,x. One can straightforwardly establish that εC̃i,Ii

> 0;3 the household
is then less likely to support climate policy if the effect of policy on income is negative
(εIi,x < 0), and more so if this negative exposure is large. Empirically, larger negative
income effects can be expected if the household is employed in carbon-intensive sectors
of production. Further, empirical evidence points to low-skilled and older workers being
particularly at risk for job and wage losses as a result of climate policies (Yip, 2018;
Barreto et al., 2024). In our empirical analysis, we use the carbon-intensity of the sector
of employment as a proxy for labour income (job) exposure, which we further interact
with the level of education and age in Section 6.3.

Next, lower prices allow households to purchase more goods and thereby achieve
greater utility for a given income. The good k price effect of climate policy on support is
then equal to the elasticity of aggregate consumption with respect to the good k price,
εC̃i,pk

, multiplied by the elasticity of the price with respect to climate policy, εpk,x. We
can then use (4) to show that the former is proportional to household consumption of k
relative to discretionary income:

3In fact, we obtain εC̃i,Ii
= Ii/(Ii − γHpH − γT pT − γY pY ) ≥ 1.
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εC̃i,pk
εpk,x = − pkki

Ii − γHpH − γTpT − γY pY
εpk,x. (8)

In other words, households experience greater disutility from policy-induced increases
in pk if they spend a larger share of discretionary income on ki consumption. This
insight is agnostic about the relationship between pk and the climate policy. Empirically
however, the effect of climate policy on prices will differ across goods and depend on policy
strategies. Many policies, including energy taxes and fuel excise taxes, are designed to
incentivise a shift away from carbon-intensive consumption by increasing the effective
cost of such consumption. As a result, the effect of policy on prices, captured by εpk,x,
is likely particularly high for emission-intensive consumption, such as heating from gas,
electricity consumption in carbon-intensive grids, or fossil-fuelled passenger transport.

Further, specific policies, such as a carbon tax on fuels, will increase fuel prices in
proportion to the CO2-intensity of the fuel used, and by extension, the price of transport
in proportion to the CO2-intensity of transport.4 In such a case where the good k price
increase due to climate policy is directly proportional to its CO2 intensity, CO2,k, we have
∂pk/∂x = θCO2,k, with some θ > 0. Then one can one can write (8) as

εC̃i,pk
εpk,x = − CO2,kki

Ii − γHpH − γTpT − γY pY
θx, (9)

Equation (9) establishes that, if ∂pk/∂x = θCO2,k, the price effect of climate policy
is proportional to total emissions from good k consumption, relative to discretionary
income.

In sum, equation (8) and (9) highlight households who spend a large share of their
income on energy, either due to high energy use or low income, are less likely in favor
of policies that increase energy cost. Similarly, households who, relative to their income,
emit a lot of CO2 because they drive a lot or own inefficient fossil-fueled vehicles, will
experience greater utility cost of increased CO2 taxes on fuels. Empirically, this motivates
measuring exposure through energy and transport consumption as shares of household
income, rather than in levels.

It is important to highlight that the framework presented above provides a decompo-
sition of several key climate policy exposure channels. Empirically, household preferences
and different measures of exposure are likely correlated. For instance, environmentally
conscious households (high βi) may avoid jobs in carbon-intensive industries as they do
not align with their personal values. This makes them less exposed through the in-
come channel (low εIi,x). In addition, such households will already show environmentally

4This statement only considers direct effects and abstracts from any indirect effects of fuel taxes on
e.g., innovation in vehicle fuel efficiency.
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friendly behaviour, such as biking instead of driving to work, and adopting solar panels or
heat pumps, which reduces price exposure (low εC̃i,pk

). Fully attributing high support to
e.g. their low labour income exposure would then be inappropriate. For this reason, we
include a series of control variables in our empirical specifications. Specifically, we include
proxies for climate beliefs to capture environmental attitudes, municipality fixed effects
to account for local effects, and a comprehensive set of socio-demographic characteristics.

4 Data and descriptive statistics

To examine the relationship between economic exposure and policy support, we require
measures for climate policy support and proxies for individual economic exposure. For the
former, we use data from a survey on climate policy support; the latter are constructed
using administrative data. The primary source of this data is Statistics Netherlands
(Centraal Bureau voor de Statistiek, henceforth CBS). The administrative data comprise
administrative records on household income,5 consumption of gas and electricity, vehicle
ownership and use, as well as data on individual employment contracts, including the
sector of employment. We supplement the vehicle ownership data with data on vehicle
fuel type and CO2 emissions from the Dutch vehicle authority (Rijksdienst voor het
Wegverkeer, henceforth RDW). We also combine the employment data with Eurostat
NACE Rev.2 sector-level CO2 emission data (Eurostat, 2025).

Climate policy attitudes and support In 2023, CBS conducted a survey, ‘Belevin-
gen’ (‘Perceptions’), on climate change attitudes and behaviours. The survey inquired
about respondents’ beliefs and attitudes toward climate change and climate policies. It
also included questions on a wide range of consumption (intended) behaviours across the
domains of housing, mobility and food consumption, which we do not use in our analyses.
The survey was administered from February to April 2023, and collected responses from
18,327 individuals aged 18 and older. Extensive information about the survey, including
key summary statistics, aggregated data tables and the questionnaire can be found in
CBS (2023); below we discuss the key variables we use in our analysis.6

About 94% of survey respondents believe the climate is indeed changing: they answer
affirmatively to the question "Do you think the climate is changing or not?". Of those,
about 73% of respondents disagree with the statement that "The Netherlands’ impact on

5We use a calculated standardised income, that is disposable income adjusted for household size
and composition to make incomes comparable across different types of households.

6Note that due to sample weighting in CBS (2023), there may be slight deviations between the
summary statistics presented below and in CBS (2023).
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climate change is so limited that it does not matter what we do or do not do."7

Our main interest is in the respondent’s support for a strengthening of climate policy,
as articulated by responses to the statement "The government’s climate policy does not
go far enough.". Respondents were asked to either rate their agreement on a five-point
scale, ranging from "strongly agree", to "strongly disagree", or respond with "I do not
know", or "no answer". Figure 1 presents the responses, where we interpret (strong)
agreement with the statement as (strong) support for additional climate policy, and
similarly (strong) disagreement as (strong) opposition to additional climate policy. Our
interpretation of this question as one about support for additional climate policy is in line
with CBS (2023, p. 18), who interpret agreement with this statement as being in favour
of more intensive climate policy. As shown in Figure 1, nearly half of the respondents
express support for strengthening climate policies, while about a quarter oppose it.
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Figure 1: Support for a strengthening of climate policy. Based on 15,341 observations.

Economic exposure to climate policy We aim to relate support for climate policies
to respondents’ exposure to climate policies. In this section, we describe how the exposure
variables are constructed and discuss how exposure varies within the population. The
variables correspond directly to the exposure channels derived in the theoretical frame-
work, capturing energy, vehicle, and job-related exposure. Energy and vehicle exposure

7See Appendix A for a detailed overview of the relevant survey questions, in Dutch and English.
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serve as proxies for the expenditure channels, reflecting potential reductions in house-
holds’ purchasing power resulting from increases in energy and fuel prices due to climate
policies. Job exposure, in turn, is the proxy for the income channel: workers employed in
more emission-intensive sectors face a higher risk of income loss through unemployment
or wage reductions as climate policies tighten. Using the administrative databases, we
estimate these exposure proxies for 7,253,089 Dutch households, which cover more than
90% of the total Dutch population. In line with the survey data, we use data for 2022 to
calculate the proxy variables.

Household energy expenditure Motivated by (8), we define the proxy for house-
hold i energy exposure as the ratio of energy spending over income:

Energyi =
∑

j=gas,electricity [qij × pj + fixed costj]
incomei

, (10)

where qij is the quantity of household i gas or electricity use, pj is the tax-inclusive energy
price per unit (m3 or kWh), and fixed costij is the sum of any fixed delivery charges and
deductibles.8 For prices and cost, we use the 2022 average electricity and gas prices, as
well as relevant energy taxes, delivery charges and rebates (CBS, 2025) (see Appendix
A.2 for more details) In the baseline analyses, we exclude any temporary rebates that
were in place to compensate for the impacts of the energy crisis; we do account for these
temporary rebates in a robustness analysis. Our approach generates a proxy for actual
expenditures in 2022; we unfortunately do not observe household-level energy prices.

In our data, Dutch households spend on average e165 per month on energy. As a
share of household income, spending ranges from 0 to almost 30% of income, with a
median of around 5.73% (see Figure 2). Lower-income households tend to spend a larger
share of their income on energy; the median share is approximately 10% for the lowest
decile, compared to about 3.5% for the highest decile. Beyond these vertical inequalities
across households, we also observe substantial horizontal inequalities in energy spending
within income deciles, which are especially large for the lowest-income households.

Household emissions from vehicle ownership We define our measure for vehicle
exposure in line with (9), as the total household vehicle fuel CO2 emissions, relative to
household income:

8As opposed to (8) we divide spending by standardised income instead of discretionary income.
While standardised income does adjust for household scale economies (e.g., through the sharing of
indivisible costs such as internet subscriptions), it does not explicitly net out subsistence spending. In
the empirical analysis, we separately control for income; this partially accounts for subsistence needs,
which are most relevant for low-income households.

14



0

5

10

15

20

25

30
En

er
gy

 e
xp

os
ur

e

1s
t d

ec
ile 2n

d 3rd 4th 5th 6th 7th 8th 9th

10
th 

de
cile

Median energy exposure

Figure 2: Distribution of energy exposure
The figure displays the distribution of energy exposure computed according to (10). The dark- blue bars
represent the 25th–75th percentile range. In accordance with privacy guidelines, we exclude the top and
bottom 1% of observations within each decile.

Vehicleih =

∑
v∈Vi

kmv × CO2,v

incomei
, (11)

where Vi is the set of vehicles owned by household i, kmv is the kilometers driven by
vehicle v, with CO2,v the vehicle emission intensity in grams of CO2 per km. Fully electric
vehicles are classified as zero CO2. It is relevant to note that the exposure measure does
not include private use of leased vehicles and company-owned vehicles.9

Figure 3 presents the distribution of vehicle exposure across households in the Nether-
lands, conditional on the household owning at least one private passenger car. Similar to
energy, households in the lowest income decile exhibit the highest median exposure, as
well as the greatest within-decile heterogeneity. Median exposure is broadly similar across
the remaining income deciles, although the top decile displays slightly lower exposure,
driven in part by a higher share of households with zero exposure due to electric vehicle
ownership. However, as indicated by the dotted grey line, owning a car correlates with
income: only about 30% of low-income households own at least one car, compared to

9This is foremost due to data limitations. Still as the related vehicle and fuel expenses are typically
borne by the employer rather than the household, it is not evident that these vehicles should be
included in the analysis even if data were available.
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roughly 80% among high-income households. As a result, while low-income households
that do own a car are more exposed, much of the exposure for the group as a whole is
mitigated as many households do not own a car to begin with.

Figure 3: Distribution of vehicle exposure and ownership
The figure displays the distribution of vehicle exposure computed according to (11), conditional on the
household owning at least one private vehicle. The dark-blue bars represent the 25th–75th percentile
range. In accordance with privacy guidelines, we exclude the top and bottom 1% of observations within
each decile. The grey triangles depict the share of vehicle ownership.

Household employment and sector emissions To capture the notion that lay-
offs and consequent income losses are more likely to occur in high carbon-intensity sectors,
we consider the CO2 emission intensity of the household sectors of employment. Specifi-
cally, our job exposure variable is the CO2 emissions per value added in the NACE Rev.2
sector that members of household i are employed in, weighted by the share of total wage
income earned from each employer, where we include the five highest-income employment
contracts:

Jobi =
∑

n∈Ni
WageinCO2,s(n)∑
n∈Ni

Wagein
, (12)

where Wagejn denotes wage from job n, with Ni the set of up to five highest-earning
jobs, and CO2,s(n) the kg of CO2 emissions per unit of value added of the sector corre-
sponding to job n. We compute exposure measures for 10,412 respondents. The above
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measure does not capture employment exposure through self-employment or other forms
of income. To still account for this in our later estimation, we exploit additional em-
ployment information from the administrative data, including controls for the following
respondent employment categories: wage-income employee, director-major shareholder,
benefit-recipient, pensioner, students with or without income and other 10. In a robustness
analysis we consider only the respondent’s jobs, as opposed to their household’s, in the
computation of (12).

Figure 4 displays our measure for job exposure by the highest levels of survey respon-
dents’ education in the Dutch educational system and age. Several patterns emerge. To
start, highly-educated respondents tend to have lower household job exposure (see Panel
a).11 This is particularly clear when comparing university-educated respondents to those
with only pre-vocational secondary education (VMBO) or secondary vocational educa-
tion (MBO), with the latter group exhibiting roughly twice the exposure of the former.
Within-group heterogeneity is also comparatively large for this higher-exposure group.
Exposure is relatively flat across age (Panel b), with somewhat greater heterogeneity in
the higher age groups.

Broadly speaking, the patterns in Figure 4 are in line with with those documented
in the literature, which typically finds that older individuals and those with less formal
education but more technical skills are more exposed to the labour market repercussions
of climate policies (Yip, 2018; Barreto et al., 2024).12

Final dataset Our final dataset includes the following information: (i) support for
a strengthening of climate policies and climate beliefs; (ii) measures of economic exposure
to climate policies through household energy use, private vehicle use and jobs: equations
(10)-(12); and (iii) socio-demographic information, including respondent age, gender,
level of education, and municipality of residence. After dropping missing values and
minor inconsistencies (see Appendix A.3), we get a final sample of 15,208 observations.

10A discrepancy between job exposure and employment category can occur when salaried income
exists in the household, while the respondent’s main income source is non-salaried, which leads to
individuals being classified in one category but still showing salaried income.

11Education in the Netherlands follows a tracked system after primary school, which is not
straightforward to classify. VMBO provides preparatory vocational education, typically leading to
MBO, the secondary vocational system focused on applied skills. HAVO graduates usually enter HBO,
which are universities of applied sciences emphasising applied training, while VWO graduates enter
academically-oriented research universities. This creates a mixed situation, as MBO graduates have
obtained more formal specialized education than HAVO/VWO students, yet the latter will likely end
up with more advanced terminal degrees. Classification is further clouded by the fact that a minority of
VWO graduates choose to enter HBO, and likewise HAVO graduates may opt for an MBO degree. Vice
versa, students may transfer ’up’, for example by attending university after obtaining a HBO degree.

12It is important to note that we link household exposure to respondent age and education, instead
of considering own individual exposure.
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Figure 4: Distribution of job exposure over education and age.
The figure displays job exposure computed according to (12), conditional on at least one household
member having a salaried job. In accordance with privacy guidelines, we exclude the top and bottom
1% of observations within each decile.

It is relevant to note that our resulting sample is not fully representative of the Dutch
population. In particular, it is wealthier and more highly educated: in our sample,
45% of respondents have completed higher education (HBO or University) versus 36%

in the population (CBS, 2024b). Mean household income standardised is e41,400 versus
e36,000 in our initial population. Finally, while the average age of the Dutch population
over 18 years old is around 50 years, the sample average age is 56 years (CBS, 2022).

To obtain an initial impression of the relationship between exposure and support,
Figure 5 presents the raw relationship between policy support and the exposure measures,
where we standardise the exposure measures using Z scores to enhance comparability.
The figure clearly shows a negative relationship across all three dimensions of exposure:
higher exposure is associated with lower support. In the next section, we examine this
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relationship in greater detail.
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Figure 5: Relationship between climate policy support and measures of exposure.

5 Empirical analysis

5.1 Estimation strategy

To assess the relationship between climate policy exposure and public support, we specify
a binary response model. We define a variable Policy supporti that takes the value 0

for respondent i if they indicate strong opposition, opposition, or neutrality toward a
strengthening of climate policies, and 1 if they express support or strong support. Based
on this classification, 49% of households are coded as supporting a strengthening of the
policy.

We estimate our baseline binary decision using a logit model, where we adopt the
following specification:

Policy supporti = β0 + β1Energyi + β2V ehiclei

+ β3Jobi + δ′Z i + θ′Climate Beliefs i + γm + εi,
(13)

where the variables Energyi, V ehiclei and Jobi are our exposure measures given by
equations (10)-(12). As exposure may be correlated with other determinants of sup-
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port, such as environmental preferences and socio-demographic characteristics, we ad-
ditionally introduce a set of control variables, described below. The vector Z i contains
socio-demographic characteristics, including the log of the respondent’s income, age, age
squared and education dummies, as well as controls for employment categories, as de-
scribed in the previous section. We additionally include a series of ’climate beliefs’ dum-
mies, which capture whether the respondent believes that climate is changing or not, and
when they do believe in it, the extent to which Dutch climate policies matter in fighting
climate change. Municipality fixed-effects, γm, are included to account for local effects;
we also cluster standard errors at the municipality level. These controls mitigate an im-
portant source of endogeneity in our setting: an unobserved preference for environmental
quality, βi, which may simultaneously influence climate policy support and economic
exposure. The climate-belief and policy-effectiveness dummies serve as proxies for this
preference, while the municipality fixed effects absorb spatially correlated confounders
such as local political culture and access to public transport. Although these controls
cannot rule out all sources of confounding, they help us obtain a cleaner estimate of the
association between economic exposure and policy support.

In Appendix B.1 we present a series of robustness analyses, including specifications
where respondents who are neutral towards a strengthening of climate policies are either
omitted or reclassified as support and multilevel logit estimations.

5.2 Main results

The results for our baseline specifications are presented in Table 1. Column (1) reports
a specification including all our exposure variables. In columns (2)–(4), we consecutively
add each set of control variables separately to assess their specific impact on exposure.
Column (5) presents our preferred specification, which includes all variables simultane-
ously. Column (6) drops income, while column (7) reports estimates from a specification
in which all continuous variables are standardised using z-scores, allowing for direct com-
parability across exposure measures.

We find that all three exposure variables are negatively and significantly associated
with climate policy support. In other words, higher exposure, through expenditure and
income channels, is associated with reduced support for climate policies. Comparing
across specifications, this relationship weakens but remains significant once we control
for socio-demographic characteristics (2), municipality fixed effects (3), climate beliefs
(4), and their combination (5). This robustness across specifications suggests that the
negative association between exposure and support illustrated in Figure 5 is not solely
driven by these observed confounders.

The coefficient estimates on exposure can be interpreted as the change in probability
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(in percentage points) of supporting the policy. For example, in our preferred specification
(5), a 1 percentage point increase in the share of income spent on energy reduces the
probability of supporting policy change by 0.5 percentage points.

In column (6), we re-estimate our baseline specification, omitting the control for in-
come. This particularly affects the size and significance of the estimated coefficient for
energy exposure. This result indicates that the negative relationship between energy
exposure and policy support is particularly driven by variation in exposure among house-
holds with similar incomes, rather than by differences across income groups.

Finally, column (7) indicates that energy exposure has the strongest relationship with
policy support, followed by vehicle and job exposure. In particular, a one-standard-
deviation increase in energy, vehicle, and job exposure is associated with a decline in the
probability of support of approximately 1.7, 1.2, and 1.0 percentage points, respectively.
These magnitudes are modest, particularly when compared to the role of climate beliefs.
Among respondents who believe the climate is changing, moving from the belief that
Dutch policy is ineffective to the belief that it is somewhat effective raises the proba-
bility of support by about 7 percentage points, while moving further to the belief that
Dutch policy is very effective raises it by an additional 35 percentage points. These results
indicate that economic self-interest is a statistically robust and theoretically predicted de-
terminant of support, but a quantitatively secondary one: differences in exposure account
for only a limited share of the variation in policy support, most of which is associated
with attitudes and beliefs.

The signs and significance of our control variables are consistent with estimates from
the existing literature, which does not consider explicit exposure measures (Bergquist
et al., 2022): women and more highly educated individuals are generally more supportive
of climate policies, as are those who believe climate change is real and that policy is
effective. The latter estimates align with evidence that perceived policy effectiveness is
among the strongest correlates of climate policy support (Bergquist et al., 2022). As
for income, we find a negative effect. This is in line with the mixed evidence in the
literature; while the meta-analysis by Bergquist et al. (2022) establishes a weak positive
relationship, several large recent studies find either insignificant Eckert et al. (2025) or
negative Dechezleprêtre et al. (2025) relationships. This variation likely reflects country-
specific factors, where income can capture both the ability to adapt to climate policies
Bigler and Radulescu (2025); Borenstein and Davis (2025) but also the greater carbon
footprints of high-income households Chancel (2022). This evidence further casts doubt
on the common practice of treating income as a proxy for exposure, underscoring the
importance of our approach of constructing more direct measures of exposure, rather
than inferring it from income alone.
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6 Examining exposure channels

Across all three exposure channels, greater exposure to climate policy is associated with
lower levels of climate policy support. In the following section, we provide additional
insights by examining each channel in more detail.

6.1 Energy exposure

In our baseline specification, we proxy households’ exposure to climate policy through
energy expenditures by using total household energy spending relative to income. Dutch
households typically receive a single energy bill that reports the combined cost of gas
and electricity consumption. The energy transition entails a gradual shift toward elec-
trification of household energy use, through for instance the replacement of gas boilers
with electric heat pumps. This transition is incentivised not only by subsidies for heat
pumps, but also by increasing taxes on gas. Hence, it is plausible that attitudes toward
climate policy are driven primarily by the gas component of energy expenditures. Con-
versely, electricity may be less easily substituted both in the short and long run, and
the necessary strengthening of the electricity grid is expected to triple users’ cost (Au-
toriteit Consument & Markt (ACM), 2024). Finally, households may simply not be fully
informed about the composition of their energy bills (Allcott 2011).

To examine the relative importance of gas and electricity use, we decompose the
energy exposure measure (10) in a gas and electricity component.13 We then re-estimate
the specification with all controls (column (5) in Table 1), using the decomposed exposure
measure. Results are presented in the first column of Table 2, where we display estimated
coefficients only for the exposure measures. Our estimates indicate that gas use is not a
key driver of the negative relationship between energy expenditure and policy support.
In fact, the relationship appears to be fully driven by electricity cost, with the cost of gas
use showing no significant association with policy support.

The second and third columns of Table 2 consider alternative measures of exposure
to increasing energy cost motivated by the experiences of the 2021-2022 energy crisis.
This crisis revealed that low-income households living in poorly insulated homes were hit
hardest by rising costs. To capture such exposure, the second column considers home
energy efficiency. We use data from TNO (Mulder et al., 2023), who use data about a
dwelling’s characteristics to estimate the energy a home typically requires to heat. The
15% worst-performing dwellings are classified as very low energy efficiency, while homes
between the 15th and 50th percentile are classified as low energy efficiency. We find that
those individuals living in very low-efficiency homes are 3.4 percentage points less likely

13See Appendix A.2 for further details and descriptives.
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to support a strengthening of climate policies relative to those residing in high-efficiency
homes.

The third column considers energy poverty. Following TNO and CBS (2024), we
classify a household as energy-poor if its income does not exceed 130% of the low-income
threshold (a standard measure computed by CBS), its financial assets fall within the
bottom 90% nationally, and it either spends more than 10% of its income on energy
or resides in a dwelling with very low or low energy efficiency. We find no statistically
significant relationship between energy poverty and climate policy support. This null
result should however be interpreted with caution. Only 3% of households are classified
as energy poor in our sample,14 which limits our ability to obtain precise estimates.

Table 2: Energy exposure and policy support

Policy support

(1) Gas and (2) House (3) Energy
electricity quality poverty

Gas exposure -0.0016
(0.0018)

Electricity exposure -0.0126***

(0.0026)

House quality
(Base level: High energy efficiency)

Low energy efficiency 0.0144
(0.0092)

Very low energy efficiency -0.0342***

(0.0121)

Energy poverty 0.0210
(0.0251)

Vehicle exposure -0.00029*** -0.00033*** -0.00034***

(0.00009) (0.0001) (0.0001)

Job exposure -0.0250*** -0.0226*** -0.0228***

(0.0092) (0.0092) (0.0092)

Other control variables Yes Yes Yes

Constant Yes Yes Yes

Municipality dummies Yes Yes Yes

Observations 15,208 14,504 14,504

Results from a logit model. Coefficients reported represent average
marginal effects. Standard errors (in parentheses) are clustered at the
municipality level. * p < 0.10, ** p < 0.05, *** p < 0.01.

6.2 Vehicle exposure

Our proxy for exposure through private vehicle use is the ratio of yearly household grams
of CO2 emissions from private vehicle use to total income (see (11)). To obtain further

14This is the result of our sample being relatively high-income. In the population, approximately
6.2% of households are energy poor.
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insight into observable determinants of such exposure, we decompose this proxy into fuel
efficiency and km intensity, defined as the ratio of km driven to income:

Vehicleih =

∑
v∈Vi

kmv × CO2,v∑
v∈Vi

kmv︸ ︷︷ ︸
fuel efficiency

∑
v∈Vi

kmv

incomei︸ ︷︷ ︸
km intensity

, (14)

We then re-estimate our preferred specification (column (5) in Table 1), replacing the
measure for vehicle exposure by its components in (14). Results are reported in Table 3,
where we again report only the estimated coefficients for the exposure measures. Column
(1) shows that while the estimated coefficient is negative for both components, only the
CO2 efficiency is significant, suggesting that this drives the negative (and significant)
coefficient for vehicle exposure. In columns (2) and (3) we consider dummies for the
primary fuel type, which we define as the fuel used for the largest share of kilometres
driven by the household, instead of the vehicle CO2 efficiency. The estimates in (2) show
that owning a gasoline car is associated with a 1.88 percentage point decrease in support
of climate policy compared to not owning a car. For diesel vehicles, this decrease is even
larger (6.52 percentage points), whereas owning an electric vehicle corresponds to a 9.68
percentage point increase in support. Column (3) still reports a null relationship between
total kilometres intensity and policy support, while fuel type displays a similar pattern
compared to column (2), even if gasoline becomes not significant. Overall, these results
suggest that attitudes toward climate policies are shaped more by the fuel efficiency of
the vehicles that people drive rather than by how intensively they use them.

A plausible explanation for this is that policies aimed at reducing CO2 emissions from
vehicle use come in many shapes and forms. Beyond CO2 taxes on fuels, which would
increase the cost of driving in proportion to the vehicle’s CO2 efficiency and kilometres
driven, policy makers in the Netherlands additionally impose registration and circulation
taxes which directly depend on, or correlate strongly with, the vehicle’s CO2 emissions
per kilometre. Simultaneously, we cannot rule out some degree of reverse causality in
the latter estimates, where in particular climate-concerned households opt to purchase
electric vehicles.

6.3 Job exposure

In the previous section we established that a higher level of job exposure is associated
with lower climate policy support. In this section, we examine whether this relationship
depends on respondents’ level of education or age. This analysis is motivated by a recent
empirical research showing that it is in particular lower-educated and older workers who
appear to be more affected by the green transition and the shift towards low-carbon
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Table 3: Vehicle exposure and policy support

Policy support

(1) Decomposition (2) Fuel (3) Fuel and
km intensity

Energy exposure -0.0049*** -0.0051*** -0.0051***

(0.0013) (0.0013) (0.0013)

Vehicle CO2 efficiency -0.00021***

(0.00006)

Km intensity -0.0078 -0.0067
(0.0148) (0.0161)

Fuel type
(Base level: No private car)

Gasoline -0.0188** -0.0163
(0.0094) (0.0176)

Diesel -0.0652*** -0.0612***

(0.0152) (0.0176)

(Plug-in) Hybrid -0.0004 0.0025
(0.0166) (0.018)

Electric 0.0968*** 0.0100***

(0.0323) (0.0316)

Other -0.0145 -0.0109
(0.0166) (0.037)

Job exposure -0.0248*** -0.0244*** -0.0244***

(0.0092) (0.0093) (0.0093)

Other control variables Yes Yes Yes

Constant Yes Yes Yes

Municipality dummies Yes Yes Yes

Observations 15,208 15,208 15,208

Results from a logit model. Coefficients reported represent average
marginal effects. Standard errors (in parentheses) are clustered at
the municipality level. * p < 0.10, ** p < 0.05, *** p < 0.01.

industries (Yip, 2018; Barreto et al., 2024).
In Figure 6 we present the average marginal effect of job exposure at different levels

of education and age from our preferred specification (Table 1, column (5)) where we
additionally add either an interaction term between job exposure and education (Panel
a) or between job exposure and age and age square (Panel b).15 Age and education
are observed at the respondent level; to ensure conceptual consistency we estimate these
marginal effects using job exposure at the respondent (instead of household) level, using
the three highest-income jobs.16

The results presented in Figure 6 show that the negative association between job
15The coefficients from non-linear models with interactions are not directly interpretable. Following

Ai and Norton (2003), we present marginal effects of job exposure for different levels of education and
age.

16As shown in Appendix B.2, re-estimating our preferred specification from Table 1 using
respondent job exposure rather than household job exposure yields qualitatively similar results, with a
slightly more pronounced estimated effect of job exposure on support.
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exposure and policy support is indeed concentrated among lower-educated and older re-
spondents. Specifically, Panel (a) shows that, except for respondents whose highest level
of education is VMBO (pre-vocational secondary education), the adverse effect of job
exposure on climate policy support declines with higher levels of education. In other
words, among lower-educated respondents, job exposure is more negatively associated
with support for climate policies, whereas for respondents with higher vocational (HBO)
and university education, this relationship is not statistically significant. The only ex-
ception is the VMBO group, for whom higher job exposure is associated with greater
support for climate policies.17

Panel (b) shows the average marginal effect of job exposure across age groups. The
adverse effect of job exposure on support for climate policy increases with age. It is statis-
tically insignificant for respondents up to age 45, but becomes negative and statistically
significant among older individuals. This pattern suggests that the negative relationship
between job exposure and climate policy support is primarily driven by older workers.

A plausible explanation is that older individuals are more likely to be employed in
carbon-intensive sectors and to possess more specialised, sector-specific skills, while facing
fewer opportunities for retraining as they approach retirement. Consequently, they may
perceive higher risks of job or income loss, which translates into lower support for climate
policies that are likely to induce industrial restructuring. Finally, we observe that the
estimated effect becomes statistically insignificant again around age 65, which is close to
the statutory retirement age of 67. This is consistent with the idea that concerns about
labour-market adjustment diminish as individuals exit the workforce.

7 Concluding comments

A decade after the signing of the Paris Climate Agreement, global climate policy continues
to face the challenge of reconciling ambitious mitigation goals with political constraints.
While EU greenhouse gas emissions have declined, increasing geopolitical tensions have
shifted attention away from environmental targets towards strategic autonomy. High
energy prices have squeezed household budgets, and concerns have grown about the eco-
nomic burdens of the policies needed to meet mitigation targets. Low-income households
appear particularly vulnerable, as they already spend a larger share of their income on
energy, and more face the labour market repercussions of the green transition. These con-

17A possible explanation for this finding is that individuals with this level of education are qualified
for a broad range of practical and technical occupations, spanning both more and less carbon-intensive
activities. The Dutch vocational education system encompasses diverse fields such as technology,
business, health, agriculture, and various services. For this reason, this coefficient should be interpreted
with caution.
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Figure 6: Effect of job exposure by education and age. The figures display estimates and
90% intervals. Panel (a) omits estimates for respondents for whom we do not observe the
education level.

cerns underscore the importance of understanding how economic burdens shape public
support for climate policy.

Our analysis shows that households’ support for stronger climate measures varies
systematically with their economic exposure to climate policy. Using linked survey and
administrative data, we quantify heterogeneity in theory-consistent exposure measures
across three channels and document that greater exposure is associated with lower climate
policy support. Across the different channels, household exposure to energy (particularly
electricity consumption), relates to lower policy support. Transport-related exposure also
plays an important role, primarily through the fuel efficiency of the vehicles owned rather
than the distances driven. Labour-market exposure is most strongly associated with
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lower support among older and lower-educated workers, consistent with evidence that
these groups are particularly vulnerable to climate policy impacts. At the same time, the
estimated magnitudes are modest in absolute terms: a one-standard-deviation increase
in any single exposure channel moves the probability of support by only about one to
two percentage points, compared to a much larger effect of climate beliefs. Economic
self-interest thus shifts support at the margin rather than dominating it.

These findings nonetheless suggest implications for climate policy design: policies that
mitigate cost exposure may raise support at the margin. Examples include compensation
schemes targeted at electricity-intensive households, incentives that lower the cost of
adopting cleaner vehicles, and retraining and mobility programmes for workers in carbon-
intensive sectors.

From a broader perspective, our findings relate directly to debates on the political
economy of climate change, by highlighting that opposition to further climate policies
need not solely reflect misinformation or ideological resistance, but also rational responses
to economic risks. This suggests that policy packages should explicitly recognise and
address the impact of climate policies on households and workers, and in particular the
heterogeneity therein. Climate strategies that ignore these differences may encounter
greater resistance, whereas those that explicitly address them will be more effective in
enhancing and sustaining support for long-run climate change strategies.

Our study highlights several avenues for future research. Our measures of house-
hold energy costs, vehicle-related emissions and job exposure capture three key channels
through which climate policies are likely to affect. Yet other factors, such as proximity to
public transport and housing characteristics, including the use of heat pumps and quality
of insulation, create additional variation in exposure that our current study cannot fully
capture. Access to richer administrative and geo-spatial data would allow for more com-
prehensive assessments of these factors and help identify which heterogeneities are most
relevant for understanding public support. Finally, although we consistently document a
negative relationship between our theory-consistent measures of exposure and support for
climate policies, the current literature still fails to document clear causal effects. Future
research that credibly isolates how changes in exposure for specific measures affect policy
support across different channels would further strengthen the policy relevance of our
findings.
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A Data and descriptive statistics

A.1 Belevingen survey questions

Below we list the relevant questions from the CBS Belevingen survey concerning policy
support, climate awareness and policy effectiveness. We provide first the question the
respondents received in Dutch, followed by the English translation.

Policy support

Question (Dutch):
In hoeverre bent u het eens of oneens met
de volgende stellingen? "Het klimaatbeleid
van de overheid gaat niet ver genoeg."

Antwoorden:
1. Helemaal eens
2. Eens
3. Niet eens, niet oneens
4. Oneens
5. Helemaal oneens
6. Weet ik niet
7. Geen antwoord

Question (English):
To what extent do you agree or disagree
with the following statement? "The gov-
ernment’s climate policy does not go far
enough."

Answers:
1. Strongly agree
2. Agree
3. Neither agree nor disagree
4. Disagree
5. Strongly disagree
6. I don’t know
7. No answer

Climate awareness

Question (Dutch):
Denkt u dat het klimaat wel of niet aan het
veranderen is?

Antwoorden:
1. Ja, zeker wel
2. Ja, waarschijnlijk wel
3. Nee, waarschijnlijk niet
4. Nee, zeker niet
5. Weet ik niet

Question (English):
Do you think the climate is changing or
not?

Answers:
1. Yes, definitely
2. Yes, probably
3. No, probably
4. No, definitely
5. I don’t know
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Policy effectiveness

Respondents who answered ’yes, definitely’ or ’yes, probably’ to the previous question
on whether they believe the climate is changing were subsequently asked to answer the
following question regarding policy effectiveness:

Question (Dutch):
In hoeverre bent u het eens of oneens met
de volgende stellingen? "De invloed van
Nederland op de klimaatverandering is zo
beperkt, dat het niet uitmaakt wat we doen
of laten."

Antwoorden:
1. Helemaal eens
2. Eens
3. Niet eens, niet oneens
4. Oneens
5. Helemaal oneens
6. Weet ik niet
7. Geen antwoord

Question (English):
To what extent do you agree or disagree
with the following statement? "The influ-
ence of the Netherlands on climate change
is so limited that it does not matter what we
do or fail to do."

Answers:
1. Strongly agree
2. Agree
3. Neither agree nor disagree
4. Disagree
5. Strongly disagree
6. I don’t know
7. No answer

A.2 Energy exposure - data construction

Equation 10 specifies the energy exposure measure. Below, we provide further details
concerning our computations.

Cost components

Energy price pj We use average gas and electricity prices in the Netherlands from
CBS (2025): e1.365 per m3 of gas and e0.2865 per kWh of electricity. In our final
sample, for approximately 15% of households, we observe negative electricity use, which
is likely due to the presence of a sizable number of rooftop solar panels.1819 Under the
Dutch net metering policies, households are charged only for net use, which we use in
(10). Compensation for net electricity supply differs across contracts but is generally very
low. Hence, we truncate any negative supply to zero.

18As households with solar panels deliver energy to the grid on sunny days, annual electricity
demand from the grid may deviate from net electricity use (demand net of supply).

19Note that in line with the sample being wealthier, the statistics presented in these sections slightly
differ from the Dutch population.
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Fixed costij We distinguish four types of fixed cost components: fixed cost of
the gas and electricity connection, structural energy cost reimbursement, and temporary
compensation policies following the energy crisis.

The fixed cost component of gas connections is dependent on gas use and grid oper-
ators, which depend on the household location. An overview of cost is provided in Table
A.1 below; in our computations, we use the average cost given the household gas use
as provided in the bottom row. We assume households with zero energy use have no
gas connection and hence pay no fixed connection cost. The only exception applies to
households whose dwelling is connected to district heating. In these cases, although the
data report zero gas consumption, we still assign them the fixed gas costs.

Firm 0–499m3 500–4,000m3 >4,000m3

Liander 144.68 200.20 311.23

Enexis 131.34 177.30 269.27

Stedin 137.11 185.25 281.31

Coteq 130.09 177.79 273.20

Rendo 137.67 185.55 281.31

Westland infra 128.44 169.20 250.71

Table A.1: Gas fixed cost (e per year) per consumption category for the six main energy
suppliers in the Netherlands.

For electricity, we use a fixed cost from CBS (2025): e322.77 per connection.
All households receive an energy cost reimbursement of e403.88. Following the energy

crisis, two additional lump-sum compensations were introduced in 2022: a e380 payment
granted to all households, and an additional e1,300 payment for those with income
below 120% of the policy poverty line. Since these transfers were communicated to be
temporary, we do not account for them in our baseline specifications, but consider them
only in the robustness analysis (see Section B.2).

Connections with multiple households Statistics Netherlands records energy use
data at the address level. In our data, 2.7% of households share a common address. In
these cases, we attribute the electricity and gas consumption of each household based on
the household’s share of total residents at the address.

Robustness checks in which we exclude these households are presented in the robust-
ness analysis (see Section B.2).

Gas and electricity exposure In section 6.1 we separately define exposure to gas and
electricity cost. For this computation, we allocate the e403.88 energy cost reimburse-
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ment based on the gas and electricity’s relative share in total energy expenditure in the
Netherlands.

Figure A.1 presents the distribution of this decomposition across income deciles. It
highlights that across income deciles, the majority of the household energy bill can be
attributed to gas use. The concentration of households with zero gas expenditure reflects
households without a gas connection. The bunching of households at certain low levels
of electricity costs distribution reflects households with net-zero or -negative electricity
consumption, who face only fixed costs.
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Figure A.1: Household gas and electricity exposure
The figure displays the distribution of gas and electricity exposure for 7,253,089 Dutch households. The
dot lines represent the 25th–75th percentile range. In accordance with privacy guidelines, we exclude
the top and bottom 1% of observations within each decile.

A.3 Final database

The Belevingen survey collected responses from 18,327 respondents. After merging this
data with the CBS administrative data and RDW vehicle ownership data and dropping
observations for inconsistencies or missing information, we obtain a final sample of 15,208
observations. While we cannot disclose for privacy reasons how many observations were
dropped at each stage, observations were dropped for the following reasons:

• Respondents who answered "No answer" or "I don’t know" to policy support;
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• Respondents who did not report their gender;

• Respondents with missing income or energy data;

• Respondents employed in sectors with missing job exposure information;

• Respondents with an energy exposure in the top or bottom 1% of the population;

• Respondents with a vehicle exposure in the top 1% of the population.

Among the remaining 15,208 respondents, we recover missing information on CO2

emissions per kilometre for 3.6% of vehicles. Missing values are imputed using the fuel
efficiency of a vehicle with the same brand, fuel type, and year of registration, selecting
the model with the closest weight and restricting the match to cases where the weight
differs by no more than 5%. In Appendix B.2, we conduct a robustness check in which
these imputed observations are excluded.

A.4 Descriptive statistics

The following Tables (A.2 and A.3) present descriptive statistics for the primary variables
used in this study.

Selected percentiles of the distributions

Variable 1% 25% 50% 75% 99% Mean Std. Unit

Policy support 1 3 3 4 5 3.36 1.27 Number

Energy exposure 0.62 3.54 5.32 7.6 17.44 5.94 3.47 Energy share of income

Vehicle exposure 0 11.03 32.58 60.15 192.59 42.03 41.9 Grams of CO2 share of income

Job exposure 0 0 0.02 0.04 2.07 0.1 0.38 Kg of CO2 per value added

Income 13,364 28,766 37,455 47,949 121,308 41,420 28,361 Euro

Female 0 0 0 1 1 0.46 0.50 1 = Female

Age 23 44 57 68 86 55.92 15.72 Number

Gas exposure 0 2.1 3.35 4.87 11.92 3.71 2.45 Gas share of income

Electricity exposure 0.29 1.08 2.01 2.99 7.02 2.23 1.5 Electricity share of income

Vehicle CO2 efficiency 0 90.14 118.42 147 238 108.59 61.38 Vehicle’s grams of CO2 per km

Km intensity 0 0.1 0.26 0.47 1.35 0.32 0.31 Km driven share of income

Table A.2: Summary statistics for the continuous variables (15,208 observations).
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Category Frequency Percent

Education

Missing 268 1.76%
Basic 324 2.13%
VMBO 3,349 22.02%
MBO 3,362 22.1%
HAVO/VWO 1,051 6.91%
HBO 4,148 27.27%
University 2,706 17.79%

Climate beliefs

No info if climate changes 254 1.67%
Climate does not change 566 3.72%
Climate changes but no info on impact 218 1.43%
Climate changes - policy ineffective 3,338 21.95%
Climate changes - policy somewhat effective 2,712 17.87%
Climate changes - policy very effective 8,120 53.39%

Income source

Employee 7,273 47.82%
Self-employed 1,026 7.93%
Director-major shareholder 277 1.82%
Benefit recipient 912 6%
Pension 4,573 30.07%
Students with or without income 647 4.25%
Other 500 3.29%

Table A.3: Frequencies of the categorical variables (15,208 observations).

B Robustness analysis

B.1 Robustness - alternative dependent variable

In our estimations, we consider climate policy support as a dependent variable, where we
consider a respondent supportive of climate policy if they answered ’agree’ or ’strongly
agree’ to the statement "The government’s climate policy does not go far enough.". Indi-
viduals who answered ’neither agree nor disagree’, ’disagree’ or ’strongly disagree’ were
considered as not supportive of climate policy. In this section, we re-estimate 13 under
two alternative definitions of support. In addition, to allow for heterogeneity in the effect
of exposure for different categories of support, we estimate an ordered logit model. Over-
all, our key result, that greater economic exposure is associated with reduced support for
all three exposure categories, is maintained.

B.1.1 Alternative definitions of support

We consider two alternative definitions of climate policy support. In the first, we exclude
from the analysis the 26.13% of respondents who are ’neutral’ to the statement "The
government’s climate policy does not go far enough." As a result, respondents categorised
as in opposition to climate policy now include only those who ’strongly oppose’ or ’oppose’
them. Results are presented in column (1) of Table B.1. In columns (2), we instead
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categorise the ’neutral’ respondents as in support of climate policy. The results are robust
to this change: the coefficients of the exposure variables remain statistically significant
and with the same interpretation of column (5) in Table 1, with higher exposure meaning
a lower level of support for each exposure channel.

Table B.1: Economic exposure and policy support - reclas-
sifying policy support

Policy support

(1) Dropping (2) Neutral as
neutral support

Energy exposure −0.0055*** −0.0049***

(0.0012) (0.001)

Vehicle exposure −0.000 29*** −0.000 22***

(0.0001) (0.00008)

Job exposure −0.0204** −0.0148**

(0.0081) (0.0069)

Other control variables Yes Yes

Constant Yes Yes

Municipality dummies Yes Yes

Observations 11,215 15,186

Results from a logit model. Coefficients reported represent av-
erage marginal effects. Standard errors (in parentheses) are
clustered at the municipality level. * p < 0.10, ** p < 0.05, ***
p < 0.01.

B.1.2 Ordered support variable

The survey allowed respondents to not only express support or opposition to a strength-
ening of climate policy, but also the degree to which they support or not (e.g., support vs
strong support). To examine more precisely how exposure relates to the full distribution
of support, we re-estimate specification (13) using an ordered logit model with five or-
dered response categories, ranging from strong opposition to strong support. The results
are presented in Table B.2.

The estimated coefficients are broadly consistent with the binary model. For all
exposure measures, higher exposure increases the probability of expressing opposition or
neutrality to climate policies. It conversely reduces the likelihood of expressing support,
in particular, strong support.
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Table B.2: Economic exposure and policy support through an ordered logit
model

Policy support

Energy exposure Vehicle exposure Job exposure

Strong opposition 0.0021*** 0.000 08*** 0.0080***

(0.0004) (0.00003) (0.0027)

Opposition 0.0022*** 0.000 08*** 0.0082***

(-0.00004) (0.00003) (0.0028)

Neutral 0.0013*** 0.000 05*** 0.0049***

(0.0003) (0.00002) (0.0017)

Support −0.0015*** −0.000 06*** −0.0057***

(0.0013) (0.00002) (0.0019)

Strong support −0.0040*** −0.000 15*** −0.0154***

(0.0008) (0.00005) (0.0052)

Control variables Yes

Constant Yes

Municipality dummies Yes

Observations 15,208

Results from an ordered logit model. Coefficients reported represent average marginal
effects. Standard errors (in parentheses) are clustered at the municipality level. * p <
0.10, ** p < 0.05, *** p < 0.01.

B.2 Robustness - alternative specifications

We assess the robustness of our main findings by estimating a set of alternative models
that differ either in their specification or in how the data is treated. The results are
presented in Table B.3.

In columns (1) and (2) we drop all respondents with a household income in the
lowest and highest income deciles compared to the Dutch population, respectively. This
addresses potential outliers at both ends of the income distribution and accounts for the
possibility that some low-income households may in fact hold substantial wealth that is
not directly observable in our data. Column (3) also checks for the effect of personal job
exposure used in 6.3, using just the top three income-jobs at the personal level. For 3.6%
of the Dutch car fleet, we had missing CO2 emissions, which we recovered as specified in
A.3. In column (4), we omit those observations from our regression. In column (5), we
omit the 2.7% observations for which we do not directly observe, but estimate energy use
as they share an address with another household. In column (6), we estimate a multilevel
logit model where we group at the municipality level. Finally, in (7) and (8), we estimate
models where we consider the additional energy compensation (respectively e380 and
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e1,300) given to households.
Overall, our results are robust to these changes. They do, however, appear sensitive to

dropping observations with income in the highest decile: doing so reduces the (absolute)
size of all estimated marginal effects, and renders the effect of job exposure insignificant.
This suggests that while climate policy exposure is related to support across the income
distribution, this relationship is particularly strong for high-income respondents.

Table B.3: Robustness checks for economic exposure

F. Policy support

(1) (2) (3) (4) (5) (6) (7) (8)
1st 10th Personal Missing Sharing Multilevel Energy Energy

decile decile job CO2 car data address logit compensation compensation

Energy exposure −0.0061*** −0.0043*** −0.0046*** −0.000 49*** −0.0052*** −0.005* −0.0051*** −0.005***

(0.0014) (0.0014) (0.0014) (0.0013) (0.0013) (0.0012) (0.0014) (0.0012)

Vehicle exposure −0.000 34*** −0.000 27*** −0.000 26*** −0.000 29*** −0.000 31*** −0.000 29*** −0.000 29*** −0.000 28***

(0.0001) (0.0001) (0.0001) (0.00009) (0.00009) (0.00009) (0.00009) (0.00009)

Job exposure −0.0245*** −0.0169 −0.0271*** −0.0204** −0.0267*** −0.0252*** −0.0252*** −0.025***

(0.0094) (0.0104) (0.0097) (0.0101) (0.0094) (0.0097) (0.0092) (0.0092)

Other control variables Yes Yes Yes Yes Yes Yes Yes Yes

Constant Yes Yes Yes Yes Yes Yes Yes Yes

Municipality dummies Yes Yes Yes Yes Yes Yes Yes Yes

Observations 14,588 12,911 14,679 15,208 14,973 15,208 15,208 15,208

Results from a logit model. Coefficients reported represent average marginal effects. Standard errors (in
parentheses) are clustered at the municipality level. * p < 0.10, ** p < 0.05, *** p < 0.01.

C Model derivations

Good k demand To determine the indirect utility function, we first write the La-
grangian for maximising the utility of household i, (1), subject to its budget constraint,
(3):

L = [(Hi − γH)
αH,i(Ti − γT )

αT,i(Yi − γY )
αY,i ]

β

E1−β + λi (Ii − pHHi − pTTi − pY Yi) ,

where λi is the Lagrange multiplier associated with the budget constraint. From here
we obtain the following first-order conditions for ki, with k ∈ {H,T, Y }. As we focus on
the interior solution where income is sufficient to satisfy subsistence consumption, we set
them equal zero:

∂L

∂ki
= αk,i

β

ki − γk
[(Hi − γH)

αH,i(Ti − γT )
αT,i(Yi − γY )

αY,i ]
β

E1−β − λipk = 0.

From here we obtain:
Yi − γY
ki − γk

=
αY,i

αk,i

(
pY
pk

)−1

.
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To derive good k equilibrium demand (4), we substitute the above term back in to the
budget constraint (3) and use αH,i + αT,i + αY,i = 1.
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